We investigate the short-term relation between individual investor trading and stock returns on the Australian Securities Exchange. Stocks heavily bought by individual investors underperform stocks heavily sold over the subsequent three days, with respective returns on to a long-short portfolio of -93, -67 and -12 basis points on days one, two, and three. Individuals lose on their passive orders, except in large stocks, for which they lose on aggressive orders.
4 highest adverse selection costs). Along the same lines, Stoffman (2014) finds that institutions tend to profit from the trades of individuals, but not from trades against other institutions. These results suggest that information asymmetry may overstate the returns to liquidity provisions.
In this study, we examine the short-term performance of stocks with abnormal buying or selling pressure by different categories of investors. We are able to unambiguously identify, at the daily level, the ownership of all shares in the Australian market by individuals, domestic institutions, and foreign institutions (nominees). Interpreting a change in ownership between individual, institutions, or nominees as intense trading by a particular category of investor, we find that short term returns to individual investor trades are negative, consistent with the findings of Stoffman (2014) . For example, the quintile of stocks with the greatest purchase imbalance by individuals generate average returns of -46 basis points (bp) on the day following intense trade, while the corresponding intense selling quintile returns 47bp on the same day.
The negative returns to heavily purchased stocks, and positive returns to heavily sold stocks persist for a three day horizon, and only partially reverse at the twenty day horizon. These results are consistent with individuals taking, rather than providing liquidity in their trades, and paying a premium for doing so. However, the lack of complete reversal suggests an adverse selection may also be present in the poor returns to individuals.
In addition, we investigate the impact of short-term trading pressure by individual investors in large (top 50), medium (51st-200th), and small (201st+) capitalization stocks. Individual investors in aggregate hold a greater proportion of smaller stocks; their median holding is 16.27% in small stocks and 4.97% in large stocks. The price concessions paid by individuals are higher in the small capitalization stocks. The market-adjusted returns to small stocks with intense buying (selling) pressure by individuals on the first day following the trade is -47 (53) bps. The comparative figures for large stocks are -32 (36) bps. We attribute this differential performance to a greater competition for liquidity provision in larger stocks. 5 While the clearinghouse data allows us to infer net trade based on ownership changes, we are not able to assess the overall level of trading volume by participants. We therefore augment the clearinghouse data with the Australian Equities dataset from Securities Industry Research Centre of Asia-Pacific (SIRCA) which allows us to analyse the amount of total trade in the market, decomposed into buyer-initiated and seller-initiated trading volume. Using this data, we estimate the buyer initiated-seller initiated imbalance (initiation imbalance) among all shares on each particular day, allowing us to examine whether changes in ownership positions correspond to aggressive or passive trading strategies. Stocks which are intensely purchased (sold) by individuals exhibit negative (positive) values of the initiation imbalance. Hence, it appears that individuals, on average, submit limit orders. However, in large stocks, individuals appear to submit relatively more aggressive orders, in that initiation imbalance is of the same sign of the individual trade imbalance. Our findings indicate that investors lose on their passive orders in smaller stocks, and their more aggressive orders in larger stocks.
We explain the difference in our findings from those of previous studies as follows. Firstly, our data set covers the recent period 2009-2014, in which competition for liquidity provision has increased substantially with the proliferation of algorithmic market-making by institutions.
Thus, competitive conditions between types of trader may have deteriorated for the individual investors (Tian et al., 2015) . Secondly, our data set consists of trades that reach the clearinghouse. The ASX clearing system operates on a T+1 basis; for a trade to appear in the dataset the position must have been held at least overnight. Presumably, these traders are less-focused on short-term considerations than those unwind positions intraday.
Thirdly, because holdings are attributed by the clearinghouse, we are able to unambiguously determine the investor category, rather than relying on small-trade proxies (e.g. Malmendier and Shanthikumar, 2007; Hvidkjaer, 2008) which may not be appropriate in an era of 6 algorithmic execution (Campbell, Ramadorai, and Schwarz, 2009), broker proxies (e.g. Fong et al., 2014; Tian et al., 2015) , or a subset of trades (Kaniel et al. , 2008; Dorn et al., 2008; Kelley and Tetlock, 2013) to identify individuals. Corroborating this argument we find that our results are in line with previous studies that use clearing house data such as Linnainmaa (2010) .
His explanation that individual investors are contrarian to institutional trades due to slowness in adjusting limit orders also fits our results. Our measures are indicative of trades between investor categories, so potential gains to a subset of individuals, such as those that trade through full-service brokers (Fong et al., 2014) , at the expense of other individuals are not observed.
However, as Stoffman (2014) finds, using clearinghouse data from Finland, that no particular trade pattern emerges in individuals' trades with each other, we expect that the counterparties representing other investor categories are more important.
The paper is organized as follows. Section 2 describes the data. Section 3 describes the method to compute the measure for individual trading imbalances and other variables. Section 4 presents the findings of the return pattern around intense individual trading. Section 5 discusses whether other factors could explain our results. Section 6 presents subsample results as the robustness checks and Section 7 concludes.
Data
We investigate the short-term trading behavior of individuals in the Australian equity market from January 1, 2009 to August 19, 2014. Our main data source is holding data, provided by the Australian Securities Exchange (ASX), which contains daily closing ownership balances of different categories of investors for all common stocks listed on the ASX. The ownership balances include all holdings available for trading. 3 Some 30% of shareholdings are held in issuer sponsored registers and are not directly accessible for trading. As soon as shares are transferred with the intention to be traded they will be included in the data from the Clearing
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The ASX constructs the data set from the holding data in the Clearing House Electronic Subregister System (CHESS). It is the central register system that the ASX operates to register and settle share trading and to transfer share titles. Shareholders can also choose to register on an issuer-sponsored sub-register. However, these investors must first have their shares transferred to CHESS before they can trade them on the ASX. Holdings in 97.16% of the companies listed on the ASX are recorded in CHESS, covering about 72.78% of the total market capitalization of the Australian market.
CHESS settles a transaction three banking days after the trading date (T+3) by simultaneously exchanging the legal ownership of shares and the payment between parties.
However, trading positions are reported to the clearinghouse if they are not reversed intraday (i.e. on a T+1 basis), so we effectively capture any positions held at least overnight.
The initial sample data from CHESS consists of daily closing balance of holdings aggregated by investor category 4 for each of the 2,841 total stocks in our sample. The data are aggregated into three investor categories, comprising domestic individuals, domestic institutions (incorporated companies, banks, trusts, insurance companies, and super funds) and foreign investors (foreign corporations and their domestic nominees). We compare our holdings records from CHESS with public sources for shares on issue and share ownership, S&P Compustat, Capital IQ and Factset Lionshares, and find that the nominee holdings in CHESS must correspond to similar large holdings in Australian shares by foreign investors. If there are domestic interests behind some of the nominee holdings they compromise a small fraction, as foreign holdings will dominate in order to add up to the publicly known foreign ownership.
The CHESS records do contain a small fraction of holdings that are directly categorised as
House Electronic Subregister System (CHESS). Therefore, the data used in our study effectively captures all trades carried out on the ASX.
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foreigners which we incorporate with the nominees. The CHESS records do not contain any other categories of significant shareholders than the three main groups we have identified. We use the terms 'nominee' and 'foreigner' synonymously for the remainder of the paper.
We obtain daily data on share trading (VWAP 5 , share volume, dollar volume, time-weighted dollar spread, average trade size, buyer-initiated and seller initiated trade volume) from Australian Equities databases. We collect monthly total shares outstanding from Share Price and Price Relative (SPPR) databases. Both of these databases are provided by Securities Industry Research Centre of Asia-Pacific (SIRCA). These data sets are then merged with the CHESS data set. Since we focus on daily returns and the CHESS holding records do not contain trades that are offset within the same trading day, using VWAP as the purchase price is sufficient. We eliminate stocks with less than one year trading history to ensure we have enough data to construct our variables. A number of smaller stocks in our sample experience several non-trading days per month. In order to ensure sufficient trading activity, we split our data into 33 non-overlapping trading periods, each containing 9 weeks (45 trading days) eliminating stocks with 5 or more days without any trading volume in each period. This filtering procedure results in a total of 1,509 stocks trading at any point during our sample period. 
Variable Construction
In order to analyze trading behavior of individual investors, we need to construct a variable that captures their net buy or sell volume. This is possible by using the closing balance of investors holdings registered in CHESS. We calculate daily net dollar volume for stock i on day t using the following expression:
Net Dollar Volume , = (Closing Balance , − Closing Balance , −1 ) × VWAP ,
where Closing Balance , is the closing holding balance for the investor for stock i on day t and , is the Volume Weighted Average Price for stock i on day t. We use VWAP rather than closing price since it is a better proxy for the average price paid by investors for the net share volume over the day (Colwell et al., 2008) . Positive (negative) net trading volume indicates that investors are net buyers (sellers) at the end of the day.
Then, we follow Kaniel et al. (2008) and construct the Net Imbalance Trading (NIT , ) in stock i on day t for each investor category as follows
where ADVi,t is the average daily dollar volume over past year (252 trading days) for stock i observed on day t.
We use daily NIT rather than aggregated weekly or monthly NIT. Using daily frequency is common in the analysis of order imbalances and trading behavior of investors (Chordia and Subrahamanyam 2004, Chordia et al., 2001; Lee et al. 2004; and Dorn et al. 2008 ).
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[Insert Table 2 about here] Next, we sort sample stocks into quintile portfolios based on each day NIT measure. The quintile with the lowest (i.e. most negative) values of NIT (quintile 1) is the portfolio that individuals sell more than they buy (intense selling portfolio) and the quintile with the highest average values of NIT (quintile 5) is the portfolio that individuals buy more than they sell (intense buying). Panel C of Table 2 tabulates the cross-sectional distribution of average NIT in both the intense buying and selling portfolios. The magnitudes of both the mean and the median of NIT measure in the intense buying portfolio are larger than those in the intense selling portfolio across all stocks as well as different size groups. For example, for the intense buying portfolio of large stocks, the net dollar volume traded by individuals is 7.75% of average daily dollar volume, comparing to 4.36% for the intense selling portfolio. This difference 13 between intense buying and selling portfolios are larger for the small stocks. For these stocks, the average NIT in the intense buying portfolio is 125.98% which is more than twice than that in the intense selling portfolio (48.46%). This is consistent with the result in Panel A, which shows individuals are net buyers on average. We also observe that the mean of NIT for the smaller stocks are greater than larger stocks both in intense buying and selling portfolios which suggest that individuals trade smaller stocks than the large stocks.
To examine the aggressiveness of the orders made by individuals, we construct a measure of order imbalance based on trade-initiation. For each stock, i, on each day, t, we calculate the initiation imbalance, Initiation_Imbalance as: could experience a positive NIT with a negative value of Initiation_Imbalance, which would indicate that they were net buyers while seller-initiated trades were dominant.
4.

Intense Individual Trading and Stock Returns
In this section, we examine the trading imbalance of individual investors and its relationship with the short-term stock returns on the NIT portfolios as constructed in the previous section.
We conduct the analysis by looking at the return patterns around the portfolio construction day.
14 More specifically, we compute the time series average of daily market-adjusted returns for the intense selling (quintile 1) and the intense buying (quintile 5) portfolios over 5 trading days before and after the construction day. We also compute the difference between the average returns of these extreme portfolios. Table 3 presents the results.
[Insert Table 3 about here]
The results indicate that individuals tend to act as contrarians, in that they buy (sell) large and medium stocks after prices decrease (increase). The daily market-adjusted returns prior to construction day for intense buying portfolios are negative and significant at conventional levels for both large and medium stocks. The daily market-adjusted returns one day prior to the portfolio construction day for intense selling portfolios are positive and significant for both large and medium stocks. Individuals selling on short-term gains is consistent with the disposition effect, observed in several different contexts (e.g. Odean, 1998; Grinblatt and Keloharju, 2001 ).
The results for the small stocks show that individuals tend to buy and sell the stocks after prices increase. Daily market-adjusted returns for both intense buying and selling portfolios are positive prior to the construction day. The results for the intense buying portfolio of small stocks are thus different from those of large and medium stocks; individuals act as trendfollowers in small stocks. Table 3 demonstrates the short-horizon return predictability of individual trading imbalances. Daily market-adjusted returns of stocks in the intense selling (buying) portfolio on the first two days after the portfolio construction day are significantly positive (negative) across all size groups. This suggests that there is a negative relationship between net individual trading and future short-term stock returns.
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For all stocks, the daily loss incurred on a zero cost portfolio which is long (short) in the intense buying (selling) portfolio is about -0.93% (t-statistic=-29.31). The loss persists over the second and third days following the portfolio formation day. The daily returns of the zero cost portfolio on the first (second) day is -0.67% (-0.12%). The loss is not significantly different from zero on the third day and afterwards. The temporary price impact that we observe following intense individual trading is consistent with the conjecture that individuals demand liquidity.
The loss for the small and medium stocks tends to last longer (3 days), than that of large stocks (2 days). The magnitude of this loss is larger for small stocks compared to that of medium and large stocks. For example, on the first day after the construction day, the zero-cost portfolio incurs 1% loss in small stocks whereas it results in 0.81% (0.68%) loss in medium (large) stocks.
[Insert Figure Table 4 .
Results show that stocks in the intensive buy (sell) portfolio, with positive (negative) NIT, have negative (positive) values of the initiation imbalance, suggesting that on average individuals submit limit orders rather market orders. The exception is for the large group stocks where the stocks in the intensive buy portfolio (NIT=0.2078) have positive value of the initiation imbalance (Initiation_Imbalance = 0.0365). This shows that individuals appear to submit relatively more aggressive orders in large stocks. These findings along with the shortterm negative returns for the individuals suggest that individual investors lose on their passive orders in small and medium stocks and their more aggressive orders in large stocks.
[Insert Table 4 about here]
We further investigate who benefits from trading with individuals. We extend our daily portfolio sorting analysis to domestic institutions and foreign investors. Table 5 presents daily market-adjusted returns 5 days before and after portfolio construction day based on net foreign investor trading. The tests associated with this table is similar to those in Table 3 that we report   17 for individual trading. Interestingly, the results in Table 5 show that net intense trading by foreign investors positively predicts daily stock returns for at least two days following the portfolio construction day.
[Insert Table 5 about here]
The daily market-adjusted returns of stocks in the intense selling (buying) portfolio on the first two days after the portfolio construction day are significantly negative (positive) across all size groups except large stocks. This is in contrast with our findings for individual investors whom their net trading negatively predict future daily stock returns over the same period. The daily returns on the zero-cost portfolios following the portfolio construction day are positive and statistically significant for all size groups. This is in contrast with our finding for individual investors whose zero-cost portfolios underperform after the construction day over the same period.
It appears that foreigners are the investors who take the opposite position of trades initiated by individuals. We further examine the performance of intense buying and selling portfolios constructed by institutions to see if they have the same pattern as foreign investors. Table 6 presents the results.
[Insert Table 6 about here]
Unlike their foreign counterparts, domestic institutions do not seem to benefit from trading in short-term. Across all size groups, stocks heavily purchased by domestic institutions on the portfolio construction day perform poorly over the subsequent days. Moreover, daily marketadjusted returns for intense selling portfolios, except for the medium size stocks, are 18 significantly positive at least one day after the portfolio construction. Similar to our findings for individual investors, the zero-cost portfolios incur loss across all size groups for at least two days after portfolio formation. The magnitude of these losses, however, is only about one-third of the losses incurred by individual investors on zero-cost portfolios consist of large and medium stocks and is about two-third for small stocks. This is consistent with the intuition that individuals lose more than institutions. The findings from intense institutional trading in Table   6 further support our conjuncture that foreign investors, who are the sole party that benefit from trading in short-term, are likely to be the counterparties to individual investors.
[Insert Figure 3 about here]
We illustrate the trading behavior of individual investors against foreign investors and its relationship to short-term stock returns in Figure 3 . The graphs illustrate that individual investors lose to foreign investors over the first three days and across different size groups. This loss decreases from day one to day three and becomes negligible after three days. The graphs also show that the magnitude of this loss is greater for the smaller stocks compared to larger stocks.
To investigate further if foreigners are counterparty of individual investors, we calculate the proportion of traded stocks common between individual investors and foreign as well as institutional investors. Results are tabulated in Table 7 .
[Insert for the individual intense buying and selling portfolios, respectively.
5.
Predictability of Return Reversals and Trading Volume
In this section, we examine whether our finding that net trading of individuals negatively predict short-term returns are robust when we take into account other factors that may also affect short-term stock returns. We employ a daily Fama-Macbeth (1973) We follow Kaniel et al. (2008) and transform NIT and turnover of each stock into quintile ranks to be used in the Fama-MacBeth method. Each day we run the cross-sectional regression of future stock returns over current day NIT quintile, turnover quintile, stock returns and past stock returns across all stocks. Then, we calculate the mean and t-statistics of the time-series average of the coefficients estimated in the cross-section. We report the results in Table 8 Panel A in Table 8 shows that NIT is negatively related to short horizon future stock returns after controlling for past returns and turnover. Individual intense buying (selling) behavior in a stock leads to subsequent low (high) returns for all size groups, supporting our results from the time series approach.
Panel B and C report estimates of variables to predict returns over 6 to 20 days and 21 to 50 days following the portfolio construction day. The coefficients for NIT quintile are positive and statistically significant for all stocks, suggesting that individual net trading positively predict future stock returns during these periods. This return reversal after three days is consistent with our observation in Figure 2 where returns on intense buying stocks falls from about 0.4% to zero and returns on intense selling stocks are gradually growing from around -0.4% to -0.2%.
6.
Robustness checks
We further test our previous finding that individuals are liquidity takers. We divide our We compute the daily market-adjusted returns for portfolios of intense individual trading during the subsamples. Table 9 presents the results. Panel A of Table 9 shows that the daily returns of the zero-cost portfolio of all stocks in times of high uncertainty (2009) (2010) (2011) 
Conclusions
This paper contributes to the literature by exploring the short-term returns to trades made by individuals against domestic institutions and foreign institutions. We use Australian clearinghouse data, allowing us to identify trader categories unambiguously, and find that individual trading negatively predicts market-adjusted daily returns during the three days after the trading day. Stocks heavily bought by individuals underperform stocks sold by 93, 67, and 12 bps, on the three respective days subsequent to the intense trading day. The extent of these short-term losses is greatest in small stocks, and least in large stocks, suggesting that liquidity effects are responsible for the negative realised returns. These returns reverse partially at the twenty-day horizon, but not to the extent that they can compensate for the short term losses.
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On the other side of the trade, nominee accounts (whom we classify as foreigners) appear to be the main beneficiary of individuals' trading losses. Stocks they purchase from the other counterparties positively predict short-term returns at short horizons, with a similar magnitude to individual investor losses. Domestic institutions suffer short-term losses, but to a lesser extent than individuals.
We 
Figure 2 Daily Cumulative Market-adjusted Returns for Portfolios of Intense Individual Trading
This figure presents daily cumulative market-adjusted returns on intense buying and selling portfolios formed on the basis of daily Net Imbalance Trading measure (NIT) of individuals for 50 days following the formation day. We sort sample stocks on each day based on their daily NIT measure, from the smallest to the largest, and construct quintile portfolios. The top portfolio (quintile 1) is the portfolio that individuals sell more than they buy (intense selling portfolio) and the bottom portfolio (quintile 5) is the portfolio that individuals buy more than they sell (intense buying). We compute the cumulative market-adjusted returns between day [t+1, t+x] where t is the day of portfolio construction and x is the number of trading days after t. For each intense trading portfolio, we average returns on individual stocks in the portfolio and then adjust by subtracting the return on a market proxy (an equallyweighted market portfolio) over the same period from the portfolio returns. We also compute the daily cumulative market-adjusted returns on the zero-cost portfolio that is long in the intense individual buying portfolio and short in the intense individual selling portfolio. 
Figure 3 Daily Market-adjusted returns of zero-cost portfolios for individual and foreign investors
The figures present the daily market-adjusted returns of the zero-cost portfolios that are long in the intense buying and short in the intense selling portfolios, formed on the basis of daily Net Imbalance Trading measure (NIT) of individuals and foreign investors. Figure 3-A (3-B) demonstrates returns for 5 days following the formation day for individual (foreign) investors. We sort sample stocks on each day based on their daily NIT measure, from the smallest to the largest, and construct quintile portfolios. The top portfolio (quintile 1) is the portfolio that individuals sell more than they buy (intense selling portfolio) and the bottom portfolio (quintile 5) is the portfolio that individuals buy more than they sell (intense buying). We compute the daily returns for each stock in the portfolio between its VWAP of the previous trading day and the VWAP of the current trading day (t+x), where t is the day of portfolio construction and x is the number of trading days after t. For each intense trading portfolio we average returns on individual stocks in the portfolio and then adjust by subtracting the return on a market proxy (an equally-weighted market portfolio) over the same period from the portfolio returns. The sample consists of 1,509 stocks trading on the ASX at any point between 1 January 2009 and 19 August 2014. Net Imbalance Trading (NIT) is defined as a stock's net dollar volume traded by investors on dayt, over the moving average of daily dollar volume of the stock over past one year. Panel A reports the cross-sectional distribution of stocks' average NIT by individuals for each size group over the sample period. Panel B reports the cross-sectional distribution of stocks' average standard deviation of NIT by individuals for each size group over the sample period. In Panel Cwe sort sample stocks on each day based on their daily NIT measure, from the smallest to the largest, and construct quintile portfolios. The top portfolio (quintile 1) is the portfolio that individuals sell more than they buy (intense selling portfolio) and the bottom portfolio (quintile 5) is the portfolio that individuals buy more than they sell (intense buying). Panel C presents the cross-sectional distribution of stocks' average NIT in both intense buying portfolio and intense selling portfolio for the entire sample and for each size group. 
Table 3 Daily Market-adjusted Returns for Portfolios of Intense Individual Trading Activities
This table presents market-adjusted returns for equally-weighted portfolios formed on the basis of daily Net Imbalance Trading measure (NIT), with the net trading imbalances of individuals. We sort sample stocks on each day based on their daily NIT measure, from the smallest to the largest, and construct quintile portfolios. The top portfolio (quintile 1) is the portfolio that individuals sell more than they buy (intense selling portfolio) and the bottom portfolio (quintile 5) is the portfolio that individuals buy more than they sell (intense buying).This procedure results in daily time series of trading quintile portfolios. We conduct the same procedure for each size group and we present results for extreme portfolios (quintile 1 and quintile 5). We compute the daily returns for each stock in the portfolio between its VWAP of the previous trading day and the VWAP of the current trading day. The portfolio returns are calculated by averaging returns on individual stocks and then adjusted by subtracting the return on a market proxy (an equallyweighted market portfolio) over the same day from the portfolio returns. We also calculate the market-adjusted returns for the zero-cost portfolios that is long in the intense buying portfolios and short in the intense selling portfolios. We present the time series average of the daily market-adjusted portfolio returns and t-statistics (in parentheses) for the day of portfolio construction (0) and the 5 days prior and subsequent to portfolio construction. The t-statistics are computed using Newey-West (1987) method with four lags. *, **, *** indicate significances at the 10%, 5% and 1% level, respectively. Intense Buying -0.0022*** -0.0021*** -0.0024*** -0.0026*** -0.0032*** -0.0076*** -0.0046*** -0.0024*** -0.0012*** -0.0008*** -0.0007*** (quintile 5) (-11.06) (-10.14) (-12.1) (-12.83) (-14.03) (-30.66) (-20.74) (-12.12) (-6.12) (-4.1) (-3.21)
Buy minus Sell -0.0023*** -0.0023*** -0.003*** -0.0034*** -0.0048*** -0.0113*** -0.0081*** -0.0044*** -0.0012*** -0.0002 0 (Q5-Q1) (-11.08) (-10.19 
Table 4 Market Order Imbalances and Net Individual Trading using Public Transaction Data
This table presents an analysis of market wide order imbalances on portfolios of intense individual trading. We sort sample stocks on each day based on their daily NIT measure, from the smallest to the largest, and construct quintile portfolios. The top portfolio (quintile 1) is the portfolio that individuals sell more than they buy (intense selling portfolio) and the bottom portfolio (quintile 5) is the portfolio that individuals buy more than they sell (intense buying).This procedure results in daily time series of trading quintile portfolios. We conduct the same procedure for each size group and we present results for extreme portfolios (quintile 1 and quintile 5). For each stock in the intense trading portfolios, we compute the following order flow measures: Buy (Sell) is the daily share volume of buyer-initiated (seller-initiated) trades, multiplied by the VWAP and then standardized by the average daily dollar volume of the stock over the past year, Initiation_Imbalance is the net difference between buyer-initiated and seller-initiated volume, multiplied by the VWAP and then standardized by the average daily dollar volume of the stock over the past year and NIT. For each intense trading portfolio, we compute these order flow measures by averaging them on individual stocks. We present the time-series mean for Buy, Sell and Initiation_Imbalance and t-statistics (in parentheses) for Initiation_Imbalance and NIT in the This table presents market-adjusted returns for equally-weighted portfolios formed on the basis of daily NetImbalance Trading measure (NIT), constructed with the net trading imbalances of foreign investors. We sort sample stocks on each day based on their daily NIT measure, from the smallest to the largest, and construct quintile portfolios. The top portfolio (quintile 1) is the portfolio that foreign investors sell more than they buy (intense selling portfolio) and the bottom portfolio (quintile 5) is the portfolio that foreign investors buy more than they sell (intense buying). This procedure results in daily time series of trading quintile portfolios. We conduct the same procedure for each size group and we present results for extreme portfolios (quintile 1 and quintile 5). We compute the daily returns for each stock in the portfolio between its VWAP of the previous trading day and the VWAP of the current trading day. The portfolio returns are calculated by averaging returns on individual stocks and then adjusted by subtracting the return on a market proxy (an equally-weighted market portfolio) over the same day from the portfolio returns. We also calculate the market-adjusted returns for the zero-cost portfolios that is long in the intense buying portfolios and short in the intense selling portfolios. We present the time series average of the daily market-adjusted portfolio returns and tstatistics (in parentheses) for the day of portfolio construction (0) and the 5 days prior and subsequent to portfolio construction. The t-statistics are computed using NeweyWest (1987) This table presents market-adjusted returns for equally-weighted portfolios formed on the basis of daily Net Imbalance Trading measure (NIT), constructed with the net trading imbalances of domestic institutions. We sort sample stocks on each day based on their daily NIT measure, from the smallest to the largest, and construct quintile portfolios. The top portfolio (quintile 1) is the portfolio that domestic institutions sell more than they buy (intense selling portfolio) and the bottom portfolio (quintile 5) is the portfolio that domestic institutions buy more than they sell (intense buying). This procedure results in daily time series of trading quintile portfolios. We conduct the same procedure for each size group and we present results for extreme portfolios (quintile 1 and quintile 5). We compute the daily returns for each stock in the portfolio between its VWAP of the previous trading day and the VWAP of the current trading day. The portfolio returns are calculated by averaging returns on individual stocks and then adjusted by subtracting the return on a market proxy (an equally-weighted market portfolio) over the same day from the portfolio returns. We also calculate the market-adjusted returns for the zerocost portfolios that is long in the intense buying portfolios and short in the intense selling portfolios. We present the time series average of the daily market-adjusted portfolio returns and t-statistics (in parentheses) for the day of portfolio construction (0) and the 5 days prior and subsequent to portfolio construction. The t-statistics are computed using Newey-West (1987) method with four lags. *, **, *** indicate significances at the 10%, 5% and 1% level, respectively. Intense Buying -0.0013*** -0.0015*** -0.0015*** -0.0017*** -0.0019*** -0.003*** -0.0014*** -0.0008*** -0.0006*** -0.0005** -0.0006***
Table 7 Proportion of Shares Common in Daily Intense Buying and Selling Portfolios by Investor Categories
This table presents the proportion of shares in the daily intense buying (selling) portfolios by one investor category that are also in the intense selling (buying) portfolios of another investor category. We form equally-weighted portfolios on the basis of daily Net Imbalance Trading measure (NIT), constructed with the net trading imbalances of individuals, domestic institutions or foreign investors. We sort sample stocks on each day based on their daily NIT measure, from the smallest to the largest, and construct quintile portfolios. The top portfolio (quintile 1) is the portfolio that investors in the category sell more than they buy (intense selling portfolio) and the bottom portfolio (quintile 5) is the portfolio that investors in the category buy more than they sell (intense buying).We conduct the same portfolio construction procedure for each size group. For each pair, for example, Individuals & Foreigners, we compute the number of stocks in intense buying (selling) portfolio of the former category that are also present in the intense selling (buying) portfolio of the latter category at the same day, we then divided this number by the total number of stocks in the intense buying (selling) portfolio of the former category. We present the time series average of the proportion over the sample period. This table presents We sort sample stocks on each day based on their daily NIT measure, from the smallest to the largest, and construct quintile portfolios. The top portfolio (quintile 1) is the portfolio that individuals sell more than they buy (intense selling portfolio) and the bottom portfolio (quintile 5) is the portfolio that individuals buy more than they sell (intense buying).This procedure results in daily time series of trading quintile portfolios. We conduct the same procedure for each size group and we present results for extreme portfolios (quintile 1 and quintile 5). We compute the daily returns for each stock in the portfolio between its VWAP of the previous trading day and the VWAP of the current trading day. The portfolio returns are calculated by averaging returns on individual stocks and then adjusted by subtracting the return on a market proxy (an equally-weighted market portfolio) over the same day from the portfolio returns. We also calculate the market-adjusted returns for the zero-cost portfolios that is long in the intense buying portfolios and short in the intense selling portfolios. We present the time series average of the daily market-adjusted portfolio returns and t-statistics (in parentheses) for the day of portfolio construction (0) and the 5 days prior and subsequent to portfolio construction. The t-statistics are computed using Newey-West (1987) method with four lags. *, **, *** indicate significances at the 10%, 5% and 1% level, respectively. Intense Buying -0.0008*** -0.001*** -0.0013*** -0.0014*** -0.002*** -0.0053*** -0.0022*** -0.0009*** -0.0002 0.0001 0.0002
